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@ Large Language Model(LLM) pretraining
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NAME
aspirin

SMILES
CC(=0)0C1=CC=CC=C1C(=0)0

Auxiliary task for graph learning(step 2)

Description

Give a brief description for this
molecule

Aspirin, also known as acetylsalicylic
acid (ASA), is a nonsteroidal anti-
inflammatory---
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Jigsaw puzzle prediction(JPP)

e What is its rational arrangement?
MASK-based contrastive learning(MCL)

e What is its rational arrangement?
Molecular rationality discriminator(MRD)

¢ |s the molecule rational?

ADMET finetuning(step 3)
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Large Language Model(LLM) Graph Foundation Model(GFM)

] Chemical [ Featurized ] [ Description ]
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NAME
1 aspirin
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Pretraining i Xy
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Benchmark task finetuning Auxiliary task finetuning
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Final predictions for ADMET
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