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XJ-7 XJ-9

NG-@AHPYT 5 (11-indazol-5-y

ADMET & Descriptionf CHst0f AH| LLME O] &%t CIO|E Tx3 At
“In our study of novel kinase inhibitors, we evaluated the ADMET properties =4 XJ-5
of three lead compounds: XJ-5, XJ-7, and XJ-9.
XJ-5 (4-(4-methylpiperazin-1-yl)-N-(4-(trifluoromethyl)phenyl)pyridine-2- 44
amine) demonstrated good oral bioavailability in rats (F = 68%) and n-1-yl)-N-(4-(trifluo

IUPAC

oy yha )amino)-6-(26-dif

moderate plasma protein binding (87%). Its metabolic stability in human liver
microsomes was acceptable, with a half-life of 52 minutes. The compound
showed no significant inhibition of major CYP450 enzymes at concentrations
up to 10 pM. In the Ames test, XJ-5 was found to be non-mutagenic.

XJ-7 (N-(3-((2-((1H-pyrazol-3-yl)amino)pyrimidin-4-
ylamino)phenyl)acrylamide) exhibited poor aqueous solubility (0.02 mg/mL at
pH 7.4) but high permeability in the Caco-2 assay (Papp = 25 x 104-6 cm/s).

r
ridin-2-amine

8= (mg/mL, pH 7.4) -

Caco-2 £1Hd (107-6 cm/s) -

Its plasma protein binding was high (98%), which may limit its tissue AT MHOIEE (%) 68
distribution. The compound was rapidly metabolized in human liver

microsomes, with a half-life of only 15 minutes. XJ-7 showed moderate S A CHEHE| st (%) 87
inhibition of CYP3A4 (IC50 = 5 pM) but no significant effects on other CYP450

enzymes. ChAt ORI (2247, ) 52

Lastly, XJ-9 (2-((1H-indazol-5-yl)Jamino)-6-(2,6-difluorophenyl)pyrimidin-4(3H)-
one) demonstrated the most promising ADMET profile. It had good aqueous
solubility (0.5 mg/mL at pH 7.4) and moderate Caco-2 permeability (Papp =
8.5 x 10”-6 cm/s). Its oral bioavailability in rats was excellent (F = 85%), with
moderate plasma protein binding (75%). XJ-9 showed good metabolic "
stability with a half-life of 120 minutes in human liver microsomes. No =
significant inhibition of CYP450 enzymes was observed. In vitro safety studies
revealed no hERG inhibition at concentrations up to 30 uM, and the
compound was negative in the Ames test."
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CYP450 | o5t o 92

0| 2l’d (Ames test)

to
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hERG X -
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- 85
98 75
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H s

[1] Liang, Yanshu, et al. "Predicting Blood—Brain Barrier Permeation of Erlotinib and JCN037 by Molecular Simulation.” The Journal of Membrane Biology 256.2 (2023): 147-157.
[2] Maly, Jan, et al. "Structural modeling of the hERG potassium channel and associated drug interactions.” Frontiers in Pharmacology 13 (2022): 966463.
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Gao, Dehong, et al. "Network clustering for multi-task learning.” arXiv preprint arXiv:2101.09018 (2021).
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